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A Rapid Learning Algorithm of Feedforward Neural Network
for Identification of Aeroengine Model
WANG Lidfeng, LI Zheng—=i
(North China-University of Technology , Beijing /100041, China)

Abstract: To build a\precise model is akey techniqueto aeroengine adaptive control. A rapid
learning algorithm_of feedforw ard neural netw-ork for identification of aeroengine model is pre—
sented in the paper- By contrast with similar algorithms, the present approach employs the decom—
position of Matrix QR to solve a set of linear equations. As a result, inversing of huge matrix in—
verse and fuzzy solutions can be avoided. The algorithm was applied to the aeroengine nonlinear

model identification, and validated by the simulation results of the calculation samples.
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